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1. AHHoTAUA

B kypce paccmarpuBaroTCs OCHOBHBIE 33Jaydl OOydYeHHs IO NpeleAeHTaM: Kiaccudukanus,
KJIaCTepU3allUsl, PErpeccusi, NOHWKEHUE pa3MepHOCTHU. M3ydaroTcs METOJbl MX pEIlleHus, Kak
KJIaCCHYECKHE, TaK U HOBBIE, CO37aHHbIe 3a mocieanue 10—15 mer. Ymop nemaercs Ha rirybokoe
IIOHUMAaHHueC MaTEMaTHYCCKHUX OCHOB, B3aI/IMOCB$I3CI71, JOCTOHUHCTB u OFpaHI/I‘IeHI/Iﬁ
paccMaTpuBacMbIX METOJOB. OTI[G.HBHI)IG TCOPEMBI IMTPHUBOAATCA C TOKA3aTCIbCTBAMM. Bce METOAbI
M3JIararTcs 1o eUHOU cXeMme:

- UCXOJHBIC UJCHU U DBPUCTUKU,

- X popManu3anusl U MaTeMaTU4ecKasi TEOpHsl;

- OMKMCaHME AJITOPUTMA B BHJIE €100 (PopMaIn30BaHHOTO MICEBIOKOIA;

- aHaJIn3 JOCTOMHCTB, HCJOCTATKOB U I'PaAHUI] TPUMECHUMOCTH

- IIyTU YCTPAaHEHUS HEOCTATKOB;

- CpaBHEHUE C IPYTUMHU METOIaMU;

- IpUMEPHI IPUKIATHEBIX 3a4a4.

2. B3auMocCBsI3b € IPYIUMH AUCHUIITHHAMHY CTIENHAJbHOCTH
[Ipu nzyuenun aucuumnunsl «Introduction to ML) Hcnonb3yroTcst HOHATHS U METOAbI YHCIEHHBIX
METOJIOB ONITUMM3ALMH, JUCKPETHOTO aHAIN3a U T.[.

3. TpeGoBaHMs K MCXOAHBLIM YPOBHSAM 3HAHUI M YMEHHUI CTYIEHTOB
Huctunnuna «Introduction to ML» 06asupyercs Ha 3HaHMSIX Kypca YHCJICHHBIX METOJIOB
ONTUMM3ALNH, JUCKPETHOTO aHATU3A.

4, O0beM TMCUUILIHHBI ¥ BUIbI Y4eOHOH PadoThl 10 pad0yeMy Y4eOHOMY IJIAHY

KoanuecTBo 4acoB mo ceMecTpam
. Bcero
Buasb! yueOHoii padoThI 4aCOB 1 > 3 7
cem. ceMm. ceMm. ceMm.
1 2 3 4 5 6
1. Obmmas TpyI0EMKOCTh HM3YYEeHUS JUCIHUILINHBI 10 32 32
ceMecTpam, B T. U.:
1.1. AynutopHble 3aHATHS, B T. 4.: 32 32
1.1.1. Jlexuuu
1.1.2. IlpakTryeckue 3aHsITHA, B T. 4. 32 32
2. ®opma UTOTOBOTO KOHTPOJS: JK3aMeH/3ader IK3.
5. Pacnpenenenue BecoB 1o ¢gopMaM KOHTPOJISI
Bec dopmer Bec dbopmer Bec uroroBeix Bec onerxu
TEKYIIEro KOHTPOJIS MIPOMEXYTOUYHOTO OLIEHOK pe3ynbTUpyolen
B pE3YJIbTUPYIOLIEH KOHTPOJIS U MIPOMEXYTOUHBIX OLIEHKH
OLICHKE TEKYLIETO pe3yIbTUPYIOLE KOHTPOJIEH B IIPOMEXYTOYHBIX
KOHTPOJISL OLICHKH TEKYLIET0 pe3yabTHPYOLIEH KOHTpOJIEH U




KOHTPOJIA B HTOrOBOM

OLICHKEC

MPOMEKYTOUHOrO

KOHTPOJIA

OLICHKE
MIPOMEKYTOUHOrO
KOHTpPOJIA

OLIEHKU UTOTOBOTO
KOHTPOJIS B
pe3yabTUPYIOLIEH
OLIEHKE UTOTOBOT'O
KOHTPOJIA

Bup yueoHoii
padoTBI/KOHTPOJIS

mit

M2

M3

M1

M2 M3

KonrponbHas padora

0,7

Tect

Kypcosas pabora

JlabopatopHbIe pabOTHI

IIncemennnie JOMallHue
3aJaHus

0,3

Occe

Jlpyaue ¢hopmul (onpoc)

0,7

Jlpyeue gpopmul (0obasums)

Jlpyeue gpopmul (0obasums)

Bec pesynerupyromeit
OLIEHKH TEKYIIET0 KOHTPOJIS
B UTOI'OBBIX OILI€HKaX
MPOMEKYTOYHBIX
KOHTpOJIeH

0,3

Bec uroroBoii onienku 1-ro
MPOMEXYTOUYHOTO KOHTPOJIS
B pE3Yy/IbTUPYIONIEH OlLIEHKE
MPOMEKKYTOUHBIX
KOHTpOJIEH

Bec utorosoii oreHku 2-ro
MIPOMEKYTOYHOTO KOHTPOJIS
B PE3YJAbTUPYIOLIECH OLICHKE
MIPOMEXKYTOUHBIX
KOHTpOJIEH

Bec urorosoii oreHku 3-ro
IIPOMEXYTOYHOTO KOHTPOJIS
B PE3YJBTUPYIOLIEHN OLIEHKE
IIPOMEXKYTOUHBIX
KOHTpPOJIEH T.A.

Bec pe3yapTupyromeit
OLIEHKH IIPOMEKYTOIHBIX
KOHTpOJIEH B
PE3YNBTUPYIOIIEN OLIEHKE
HUTOTOBOTO KOHTPOJISI

0.4

I9K3aMeH/3aueT
(o1leHKa UTOTOBOI0
KOHTPOJIfA)




6. Coaep:xanuve JHCHHILIHHLI

6.1 TemaTHYecKHil MJIAH U TPYA0EMKOCTS ayAHTOPHBLIX 3auaTHii (Moay/iu, pasjgelibl

JTHCHHIIIHHBLI H BHALI 3aHATHH) 110 v4eOHOMY ILIAHY

ITpakt. | Cemun Apyrue
Pasje/ibl H TeMbl AHCUHIVIHHBI Beero | Jlekunu, . Jadop, | Buasl
3AHATHA, | a-pbl, y
YACOB | 4acoB | 4acoB | 3aHSTHI,
4acoB | YACOB |
4aCOB
1
2 3 4 5 6 7
I kype |
| 32 32
MOIY/IbI. -
Beenenune B MannHoe o0yyenue 2 2
Tema 1. Knaccudukaims 3 3
Tema 2. Naive Bayes, K-NN anropurmsi 3 3 |
' Tema 3. Tree-based anropuT™bl: BBeICHHE B 4 4
| JEpEBbS
| Tema 4. Tree-based anropurmel: aHcamOu 4 4
Tema 5. Perpeccus |4 4
Tema 6. OeHKa KauyecTRa aJrOPUTMOR 4 ;
Tema 7. Knacrepuzanus 4 4
Tema 8. YMeHbLICHHE pa3MEPHOCTH | 4 4
UTOrO |
} 32 32

7. Pekomenayemasi JuTepaTypa:

el el

YueOHnas nporpamMmma ogo0opeHa kageapoid MaTeMaTHKH H MATEMATHYECKOI'0

MOJdEeJITHPOBAHHUHA

3aB. kageapoii: [JapOounsan A.A.

Peter Flach, "The Art and Science of Algorithms that Make Sense of Data™, 2012
Kevin Murphy, "Machine Learning: A Probabilistic Perspective™, 2012
Trevor Hastie and others, "The Elements of Statistical Learning™. 2008
Christopher Bishop, "Pattern Recognition and Machine Learning”, 2006
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